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Figure 4.27: (a) Mesh plots of both the{standard/bivariate normal, and the{bivariateinormal with
wx =3, uy = “4,6x = 2,0y = 1{p = 0.5, shown on the same axes. (b) Contour plots of the same
pdfs.
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(e) FOR ESTIMATION OF Y From x, LF(0 = @%(x).
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