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③ Let's look at the forward component PCSKI mi : k)
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③ Now let's look at the backward part : P ( Mkt, :n / Sk )
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③ Recover original goal : PCsk ⇒ offline version
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HMM 's ⇒ Efficiently identifying the most likely value of a state
variable from a huge space of possibilities .
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③ Some other applications of HMM ( informal discussion)

⑦ in smartphone keyboard .
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